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1 Sensitivity Analysis

We evaluate the sensitivity of our method to the input 2D poses. In this experiment, we train
all the models using ground truth 2D and 3D pose pairs. In test, for each input ground truth
2D pose, we randomly add Gaussian noises with different standard deviations to one of the
2D joints (e.g. head). Then we calculate the mean 3D error increment for the rest joints. As
shown in Table 1, our HGN and SemGCN [2] is affected more by noise compared with the
fully connected network (FCN) [1]. This is mainly because the misleading information from
input noise can be massively propagated between nodes in GCN. However, our model still
has a slight advantage over baseline in robustness. It is worth noting that if we remove the
semantic relationship matrix of adjacent nodes learned by SemGConv, the error increment
will be evidently reduced.
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Table 1: Mean 3D errors increment for the rest of the joints when one joint is corrupted by
different levels of additive Gaussian noises, e.g., 5, 10, 15, 20, 25.

N (0,52) N (0,102) N (0,152) N (0,202) N (0,252)

Martinez et al. [1] 1.63 5.35 10.15 15.57 21.32

SemGCN [2] 4.63 12.08 20.24 28.93 38.41

Ours (HGN) 4.48 11.52 19.49 28.42 36.54

Ours w/o SemGConv 3.36 9.29 15.95 23.18 29.52
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